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What are the challenges of energy system planning model at transmission level?
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Uncertainty in energy system planning
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Uncertainty quantification via surrogate model
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How to learn a model of high fidelity with possibly fewer samples?
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Multi-level informed optimization via decomposed Kriging (MLIO)
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Simplified Case Study
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Preliminary results: near-optimal solutions for different scenar
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156‘10%a7r-0ptimal Solutions (NTC -70%, demand +20%)
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Preliminary results: near-optimal robust and stochastic solutions
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Preliminary results: effect of NTC levels on near-optimal solution space
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Next steps

Thank you very much
for your attention!
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Since here are useless backups
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Preliminary results: effect of NTC
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Preliminary results: effect of demand
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